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Figure: (a) Flowchart of the four-stage hybrid computational workflow. (b) SHAP analysis of the SEML

properties. model for unstable stacking fault energy (USFE) prediction, revealing the influence of elemental
F. Wang, et al., npj Comput. Mater. 11, 124 (2025). concentrations on the USFE. (c) Experimentally synthesized MPEAs, which showed qualitative
Data & Code: Deshmukh-Group/Code For XAl MPEA agreement with computational predictions.
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